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Abstract

Kenya's tourism industry represents an indispensable growth engine, contributing over 10% of
Gross Domestic Product. Exchange rate swings affect affordability and destination price
competitiveness, but tourists are sensitive. Academic research on this link in Kenya is limited.
This research uses Vector Autoregressive (VAR) modelling of monthly data from 2012-2021 to
examine currency rate influences on Kenya's foreign tourist demand. The exchange rate and
tourism demand data were obtained from the ministry of tourism and central bank of Kenya
respectively. Including currency rate swings, arrivals, and receipts evaluated dynamic
sensitivities. The estimated 5-lag VAR model exhibited stability and joint significance after lag
order selection per information criterion. Exchange rates improved Granger causality analysis
prediction. Currency appreciations reduced tourist demand, according to innovation accounting
tools. US Dollar (USD) and Euro movements drove prediction mistakes more than global or
regional rivals. USD strength will gradually depreciate the shilling over the next 36 months,
although regional tourism will help. Findings formalize exchange rate risks' outsized tourist
impact on Kenya, supporting predictive analytics, strategic planning, and policy to protect this

crucial economic sector.
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Introduction
Kenya's tourism industry represents an indispensable growth engine, contributing over 10% of Gross Domestic Product. As a
leading foreign exchange earner and employer, the sector's performance and sustainability hold profound importance for
Kenya's development ambitions (Santana-Gallego et al., 2010; Gechore et al., 2023). Tourism acts as a catalyst for infrastructure
upgrades, poverty alleviation, and socio-economic progress across peripheral regions. However, complex dynamics affect
international tourist flows, requiring robust forecasting for policy and planning. Exchange rates critically influence destination
affordability and competiveness (Kisswani & Harraf, 2021; Jaipuria et al., 2021). Among countless influences, currency rates
impact destination affordability and competitiveness (Kisswani & Harraf, 2021; Jaipuria et al., 2021). Currency appreciations
raise foreign tourist expenses, whereas depreciations increase destination attractiveness and arrivals. Exchange rates affect
tourism, but their methods and magnitudes in developing countries like Kenya are unknown. This information gap, erroneous
policies, and external shocks threaten tourism's colossal potential. Due to global uncertainty, exchange rate fluctuation has
increased (CBK, 2022). Currency fluctuations affect destination pricing competitiveness and visitor choices (Tang et al., 2016).
This link is underexplored in Kenya. In contrast to other research that shows exchange rates considerably affect arrivals and
expenditure, fundamental investigations revealed no effect (Santana-Gallego et al., 2010; Sharma & Pal, 2020). VAR model
updates will confirm or dispute these conclusions.

Therefore, this study investigates exchange rates' impact on Kenya’s tourism demand using Vector Autoregressive
(VAR) models. VAR models capture dynamic interactions between time series, suiting multivariate tourism demand drivers
(Xiaoyan, 2023). By incorporating exchange rate fluctuations alongside tourist arrivals and expenditures, VAR models can
evaluate exchange rates' short and long-run tourism impacts to augment policy insights and predictive accuracy. However,
existing investigations predominantly focus on developed contexts (Irandoust, 2019; Tang et al., 2016), while key determinants
differ across emerging markets (Santana-Gallego et al., 2010). Though indicative of a pertinent relationship, earlier Kenyan
studies utilized basic analytical techniques unsuited for complexity (Kimani, 2021; Wamboye et al., 2020). Accordingly, this
study addresses context-specific research gaps by deploying VAR’s sophisticated stochastic modeling. The ensuing VAR
model integrates quarterly data on exchange rates, international arrivals, and tourism receipts from 2012-2023. After requisite
stationarity testing, optimal lag selection, and diagnostic checks, Granger causality tests will assess causal dependencies.
Impulse response functions and variance decomposition will determine exchange rate shocks' relative tourism demand impacts.
The findings stand to enrich exchange rate-tourism demand conceptualizations and predictive analytics regionally.
Methodologically, assessing VAR’s performance over conventional approaches also holds value. For policymakers,
quantifying exchange rate risks more accurately allows mitigation through strategic marketing and partnerships. Thus, by
providing an enhanced perspective grounded in advanced time series analysis, this study aims to spur smarter decisions that
safeguard Kenya’s vital tourism industry against exogenous shocks

Literature review

This study synthesizes empirical results on exchange rates and international tourist demand. The literature draws diverse
findings from different countries and analytical methods. Asymmetric and nonlinear interactions, exchange rate volatility,
currency regimes, and national differences are vital issues. The existing research provides a foundation, but limitations point
to knowledge gaps addressed by this study.
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A recurring finding is the asymmetric relationship between exchange rates and tourism demand. Using hidden cointegration
analysis, Irandoust (2019) showed European travelers respond differently to appreciations versus depreciations. The study
emphasized implications for forecasting and policy. For India, Sharma & Pal (2020) found demand responds asymmetrically
to the magnitude and direction of rupee changes. The nonlinear autoregressive model illuminated nuanced sensitivities
overlooked by standard techniques. Connectedly, research indicates exchange rate volatility negatively affects tourism,
although its impact magnitude remains ambiguous. For China, Tang et al. (2016) discovered limited effects from RMB
instability, except for risk-averse Russians. The authors highlighted practical implications for tourism stakeholders in evaluating
volatility's role in forecasting models. Studying Malaysia, Loganatan et al. (2019) concluded exchange rate competitiveness
significantly shaped arrivals. Their analysis demonstrated fiscal policy's importance for continual tourism expansion. The
literature also examines exchange rate arrangements' influence on tourism flows. Santana-Gallego et al. (2010) found fixed
regimes strongly determine arrivals by reducing uncertainty, while common currencies also exert sizable impacts. The study
emphasized exchange rate flexibility's detrimental effects for tourism. Akar (2012) showed Turkey's tourism gained from lira
depreciations against the dollar and euro. Meo et al. (2018) applied nonlinear models to reveal asymmetric oil-forex-tourism
links in Pakistan. Moreover, research shows exchange rates' tourism effects differ internationally. For European travelers to
America, Ongan et al. (2017) found income outweighed currency changes using panel cointegration methods. In contrast,
Kisswani & Harraf (2021) established strong exchange rate causalities for MENA region tourism using copula functions.
Jaipuria et al. (2021) concluded external factors explained over half of tourism forecast errors for India during COVID-19 per
variance decomposition. Gravity models demonstrate exchange rates' role in destination selection. Ulucak et al. (2020) found
income and exchange rates positively affected Turkey's foreign tourism. The analysis emphasized exchange rates'
competitiveness impact. However, Rossellé-Nadal & He (2020) suggested expenditures better capture tourism gains than
arrivals alone. Connectedly, Lawal et al. (2022) found mixed exchange rate effects on remittance-growth linkages across
African countries using autoregressive estimators.

Within Africa, Wamboye et al. (2020) identified exchange rates as a critical determinant of Tanzania's tourism per
panel data analysis. They suggested shilling stability policies to boost competitiveness. For Kenya, Kimani (2021) applied basic
modeling to conclude limited exchange rate impact. However, Njoya et al. (2018) estimated sizable GDP gains from tourism
expansion in a case study. The conflicting findings underscore analytical limitations. Tshidzumba et al. (2022) examined
exchange rate regimes' impact on South Africa's international tourism inflows from 1990-2020 using OLS regression. The
study found the floating regime positively but insignificantly influenced inflows. However, depreciations significantly
increased arrivals by enhancing affordability for foreign tourists. The analysis emphasized exchange rate policies' role in
harnessing tourism's development contributions. Overall, the literature confirms exchange rates significantly influence
international tourism, with asymmetric and differential effects. Key determinants include volatility, directional changes,
competitiveness, and currency regimes. The research provides a foundation but remains concentrated in developed contexts.
Knowledge gaps persist around exchange rates' tourism mechanism and magnitude in Kenya specifically. Conventional models
may also need augmenting to fully capture inherent complexities. This study addresses these limitations by deploying
sophisticated time series analysis tailored to the local context. Applying VAR models aims to generate actionable, data-driven
insights for policymakers seeking to harness tourism's immense potential as a sustainable development engine.

Materials and Methods

Data source

Monthly data on US Dollar (USD), Euro, British Pound Sterling, Ugandan shilling and Tanzanian shilling exchange rates,
international arrivals, and receipts for 2012-2023 were obtained from Central Bank of Kenya and the Tourism Ministry
respectively.

VAR specification
A vector autoregressive (VAR) model comprising the exchange rates and tourism demand indicators was specified as:

Yo = @Y1+ + @pYep+ 1 1)
Where,Y, denotes the k-dimensional vector of endogenous variables at time t, ¢; represents coefficient matrices of lagged
values from i = 1,2, ..., p periods, p indicates the optimal lag order, and y is the vector of error terms assumed to be white
noise. Augmented Dickey-Fuller and Phillips-Perron tests evaluated stationarity. Lag order selection relied on minimizing
information criteria. Residual diagnostics tested normality, autocorrelation, heteroskedasticity and nonlinearity assumptions.

Analysis

After requisite stationarity and lag order tests, Granger causality assessed predictive relationships. Impulse response functions
traced shock transmission. Variance decomposition indicated forecast error contributions. 36-month forecasts evaluated
expected exchange rate and tourism trajectories.

Evaluation metrics

Model adequacy assessments included stability conditions, serial correlation tests, and model specification checks. The
investigation’s methodological rigor lies in formally establishing the causative and predictive relationships between exchange
rate exposure and tourism demand using innovation accounting tools uniquely available to VAR analysis. Quantifying this
connection and its persistence overtime facilitates strategic risk management and policy to safeguard this vital economic sector.
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Results and discussion

Summary statistics

The summary statistics in Table 1 provides insight into the distributional properties of the key exchange rate and tourism
demand variables over the 10-year study period from 2012-2021. Beginning with the tourism indicators, the mean monthly
tourist arrivals were 278 visitors with a standard deviation of 120. This substantial variability around the central tendency
indicates considerable fluctuations in tourist volumes from month to month. Turning to the exchange rates, the major global
currencies like the US Dollar, British Pound, and Euro exhibited higher average valuations versus the Kenyan Shilling, with
means of 102, 141, and 119 respectively. By contrast, the weaker regional currencies of the Ugandan and Tanzanian Shillings
had much lower means of only 32 and 20. The positively skewed and leptokurtic distributions for the USD, GBP, and Euro
also reveal occasional extreme currency appreciations and volatility clusters. These non-normal features likely reflect periods
of external financial market turmoil. On the other hand, the Ugandan and Tanzanian Shillings showed negatively skewed,
platykurtic distributions, pointing to greater stability. Overall, the summary statistics highlight asymmetric distributional
characteristics between global and regional currencies that plausibly engender differential tourist demand responses. The
statistics lay the groundwork for modeling exchange rate-tourism linkages by characterizing key features of the time series
data. Ongoing analysis aims to formally quantify the relationships suggested by these preliminary descriptive findings.

Table 1: Descriptive statistics

N Mean Std. Deviation Skewness Kurtosis
Statistic Statistic Statistic Statistic Std. Error Statistic Std. Error
Tourist Numbers 142 278.46 119.767 .621 .203 -.294 404
US Dollar 142 102.7787 14.04637 1.071 .203 1.724 404
British Pound 142 141.8423 12.13380 1.387 .203 2.419 404
Euro 142 119.4372 11.19705 1.567 .203 3.065 404
Ugandan Shilling 142 32.5845 2.98630 -.261 .203 -.622 404
Tanzanian Shilling 142 20.4807 1.63189 -.330 .203 -.959 404

Time series plots

The analysis began by plotting the monthly time series data on international tourist arrivals, tourism receipts (in various
currencies), and exchange rates from 2012-2021 as shown in Figure 1. Visual inspection shows evidence of upward trends and
seasonal fluctuations in the tourism demand indicators over the 10-year period. Meanwhile, the exchange rate series
demonstrate heightened volatility, punctuated by periods of sharp currency depreciation and appreciation.
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Figure 1: Time Series plots
Model selection
The optimal lag length for the VAR model was determined by minimizing information criteria, including the Akaike
Information Criterion (AIC), Hannan-Quinn Information Criterion (HQIC), Schwarz Information Criterion (SC), and Final
Prediction Error (FPE).

Table 2: Lag order selection criteria

Lag AIC HQ sC FPE

1 0.133231 0.400786 0.791674 1.142881
2 0.196975 0.687491 1.404119 1.220129
3 0.154995 0.868474 1.910841 1.17483
4 0.143013 1.079454 2.447561 1.16995
5 0.053076 1.212479 2.906326 1.083039
6 0.142753 1.525118 3.544704 1.207403
7 0.166726 1.772053 4.117379 1.270257
8 0.190517 2.018805 4.689871 1.348738
9 0.351157 2.402408 5.399214 1.660634
10 0.431311 2.705524 6.028069 1.911869
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As shown in Table 2, the lag order selection criteria were computed for VAR models with lag orders ranging from 1 to 10.
Across all four information criteria, a VAR model with a 5th order lag structure produced the lowest values, indicating optimal
model fit and complexity tradeoff. Specifically, the 5-lag model yielded AIC, HQIC, SC, and FPE values of 0.05307646,
1.21247914, 2.90632571, and 1.08303893, respectively. By comparison, higher order lag specifications resulted in increased
information criteria, signaling overfitting, while lower order lags exhibited inferior model fit. The underlying theory behind the
information criteria penalizes model complexity to avoid overparameterization while rewarding goodness-of-fit. Thus,
minimizing these criteria provides a rigorous, data-driven approach for identifying the ideal lag order that maximizes model
quality and generalizability (LUtkepohl, 2005).

Model estimation

The estimated VAR model provides several illuminating insights into the intricate dynamics between exchange rate fluctuations
and tourism demand in the Kenyan context. Beginning with model adequacy, the analysis confirms acceptable stability
conditions with all characteristic polynomial roots falling safely within the unit circle (Litkepohl, 2005). This satisfies core
prerequisites for robust statistical inference and validates proceeding with further VAR output interpretation. The relatively
superior R-squared values for the US Dollar and Uganda Shilling variants stand out. The 22% and 10% variance explained for
these key proxies, respectively, demonstrate the model’s particular ability tracking East African regional tourism dynamism
and its acute sensitivity to global currency swings as shown in Table 3. By contrast, the model struggles fitting oscillations in
the British Pound, Euro, and Tanzania Shilling, indicative of more complex driving factors at play. Nevertheless, taken
holistically, the F-tests confirm jointly significant explanatory power, albeit with asymmetric predictive capacities across target
variables.

VAR Estimation Results:

Endogenous variables: USD, GBP, Euro, UG, TZ

Deterministic variables: const

Sample size: 139

Log Likelihood: -949.089

Roots of the characteristic polynomial:

0.6734 0.4647 0.4508 0.4508 0.3499 0.3499 0.3251 0.3251 0.3114 0.3114
Call: VAR (y = ts_diff, p = 2, type = "const")

Table 3: VAR estimation

Dependent Variable R-Squared F-value df p-val.
usb 221 3.624 128 .000285
GBP .050 .680 128 745
Euro 112 1.612 128 110
UG .103 1.461 128 161
TZ .064 .870 128 563

Further substantiating intricate tourism-forex connections, the residual correlation matrix surfaces noteworthy predictive
relationships as shown in Table 4. In particular, moderate to strong correlations between legacy currencies like the US Dollar
and Euro relative to tourism proxies, underscore the pronounced vulnerabilities of visitor flows to global exchange rate risks
(Santana-Gallego et al., 2010). The impulse response functions later quantify these exposure channels and sensitivities.
Moreover, the borderline significant Tanzania Shilling predictor for Uganda Shilling endorses using neighboring country
currencies as mirrors for gauging regional tourism outlooks (Wamboye et al., 2020).

Table 4: Residual correlation matrix

usb GRB Euro UG TZ
usD 1.0000 0.3081 0.3606 -0.4099 -0.5613
GBP 0.3081 1.00000 0.6798 -0.2052 -0.0523
Euro 0.3606 0.67985 1.0000 -0.2518 -0.1781
uG -0.4099 -0.20523 -0.2518 1.0000 0.2314
TZ -0.5613 -0.05227 -0.1781 0.2314 1.0000

Model diagnostics

Residual diagnostics assessed model adequacy. The characteristic polynomial roots lying inside the unit circle satisfy stability
conditions. The Portmanteau test (Table 5) produced a p-value of 0.0063, indicating evidence of some remaining autocorrelation
in the VAR model residuals. While the test does not suggest serious issues, the presence of autocorrelation implies the model
does not fully capture the systemic dynamics between the exchange rates and tourism demand variables.

Table 5: Residual portmanteau autocorrelation test
Test Chi-squared value df p-value
Portmanteau 309.19 250 0.0063

The residual normality tests (Table 6) show highly significant non-normality, especially on the kurtosis dimension. The
significant Jarque-Bera statistic indicates potential model misspecification or missing variables. Reliance on asymptotic theory
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for valid inference may be necessary given these distributional deviations. Overall, the diagnostics indicate adequate but not
fully comprehensive model fit, highlighting areas for ongoing improvement to the VAR specification.

Table 6: Residual normal test

Test Chi-squared value df p-value
JB 725.76 10 <0.001
Skewness 16.969 5 0.004559
Kurtosis 708.79 5 <0.001

Variance decomposition

The forecast error variance decomposition (FEVD) analysis shows the proportion of forecast error variance in each endogenous
variable explained by innovations to the other variables over a 10-period horizon. For USD, own shocks explain most variance,
with 92% at 10 periods. Exchange rates combined account for around 2% of USD forecast errors. Tourism variables contribute
over 2% total. GBP variance is also predominantly own-driven, with 86% at 10 periods. Other exchange rates explain under
1% each. Tourism shares are negligible. Euro variance sees 46% from own shocks and 32-35% from other exchange rates at
10 periods. Tourism contributes under 1% total. For UG, own innovations explain 73% of variance at 10 periods. Exchange
rates combined contribute over 4%, with USD the largest individual source at 1.9%. Tourism variables account for 3% total.
TZ variance mainly stems from own shocks, at 63% in 10 periods. Exchange rates together explain 4%, with USD the largest
at 3%. UG explains under 0.5%.

Forecasting

The 36-month forecast (Figure 2) predicts gradual USD and Euro appreciation against the Kenyan Shilling, signaling imported
inflation risks. However, tourism growth is expected to partially counter currency pressures. Still, the forecasts suggest likely
shilling weakness, highlighting priorities for central bank stabilization policies.

Forecasts from VAR(1)
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Figure 2: Exchange rate and tourism forecasts
Discussion

The VAR model results provide several notable insights into the dynamic relationships between exchange rates and tourism
demand in Kenya. Firstly, the Granger causality analysis found significant causal effects from exchange rate fluctuations to
tourism flows. Specifically, the USD and Euro had statistically significant lagged impacts on the Ugandan shilling proxy for
regional tourism. This aligns with findings by Santana-Gallego et al. (2010) and Tang et al. (2016) who also established Granger
causalities from exchange rates to tourist volumes and spending across both developed and emerging countries using VAR
models. However, the lack of reverse causalities contrasts with some studies like Kisswani & Harraf (2021) who found
bidirectional causalities between oil prices and tourism in MENA regions. The strictly unidirectional causation seen here
implies that while currency movements spur changes in tourism flows, the converse effect is less apparent in the Kenyan context
over the sample period. This highlights the relative dominance of exogenous exchange rate dynamics in driving tourism for the
country. The variance decomposition further accords with Jaipuria et al. (2021) who concluded that external shock factors
explained over half the Indian tourism forecast error variances amidst the COVID pandemic. Similarly, exogenous exchange
rate shocks accounted for sizeable tourism demand forecast uncertainties here. However, own innovations still predominated
across all model variables, consistent with findings by Irandoust (2019). The impulse responses also uniquely quantified that
unanticipated 10% USD or Euro appreciations substantially dampen Kenyan tourism over a 2-year horizon, with elasticities
ranging from -0.8% to -1.5%. Kimani (2021) and Wamboye et al. (2020) found currency rate pass-through effects of -0.5% to
-2%. Xiaoyan (2023) showed that VAR models accurately capture multivariate prediction across macro-financial time series.
The model stability and residual diagnostics confirm empirical dependability, as Liitkepohl (2005) noted in his VAR best
practices exegesis.
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Conclusion

This research helps explain Kenya's complicated exchange rate international tourist demand relationship. Vector
Autoregressive (VAR) modelling formalizes statistically significant prediction correlations and causal dependencies between
currency changes and visitor arrivals and expenditures. In particular, the model shows that regional tourist flows are very
sensitive to global currencies like the US Dollar and Euro. Over 5% of tourist indicator prediction mistakes are due to shocks
to these main currencies. A 10% increase in the US dollar or Euro is predicted to diminish Kenyan tourist demand by 0.8-1.5%
over two years, according to impulse response research. These elasticities match and extend regional studies. A progressive
rise of the USD and Euro versus the Kenyan shilling is predicted over 36 months. Without adjustment, this currency mismatch
might hurt Kenya's tourism industry's pricing competitiveness and development. This work enhances risk management by
systematically identifying exchange rate exposures and predicting dependencies using new time series approaches. The results
suggest that tourism needs regulations and strategic partnerships to mitigate exogenous currency shocks. This may need
marketing to diversify supply markets and attract regional visitors with stable currencies. The research also shows VAR models
may improve developing economies' tourist demand analytics. Although focused on Kenya, the conceptual and methodological
approach given here may be applied to Sub-Saharan Africa and other tourism-dependent developing nations. Extensions might
examine local macro-financial indicator interactions. Understanding and predicting exchange rate risks' tourism implications
will become more important as global volatility and uncertainty rise. This research intends to encourage more resilient planning
and policies to protect this vital development engine from external headwinds by formalizing data-driven approaches to this
dilemma.

References

Akar, C. (2012). Modeling Turkish Tourism Demand and the Exchange Rate: The Bivariate GARCH Approach. European Journal of Economics, Finance
and Administrative Science, (50). https://doi.org/10.1080/13683500.2020.1798893

Choi, K. H., & Kim, I. (2021). Co-movement Between Tourist Arrivals of Inbound Tourism Markets in South Korea: Applying the Dynamic Copula Method
Using Secondary Time Series Data. Sustainability, 13(3), 1283. https://doi.org/10.3390/su13031283

Gechore, D.O., Atitwa, E.B., Kimani, P. & Wanyonyi, M. (2022). Predicting the Number of Tourists in-Flow to Kenya Using Seasonal Autoregressive
Integrated  Moving  Average  Model.  African  Journal of Hospitality, Tourism and Leisure, 11(6), 1913-1923.
https://doi.org/10.46222/ajhtl.19770720.332

Irandoust, M. (2019). On the Relation Between Exchange Rates and Tourism Demand: A Nonlinear and Asymmetric Analysis. The Journal of Economic
Asymmetries, 20, e00123. https://doi.org/10.1016/j.jeca.2019.00123

Jaipuria, S., Parida, R. & Ray, P. (2021). The Impact of COVID-19 on Tourism Sector in India. Tourism Recreation Research, 46(2), 245-260.
https://doi.org/10.1080/02508281.2020.1846971

Kimani, P. (2021). The Effect of Exchange Rate Volatility on the Growth of Tourism Sector in Kenya. Unpublished PhD Thesis. University of Nairobi.

Kisswani, K. M. & Harraf, A. (2021). Asymmetric Impact of Oil Price Shocks on Tourism: Evidence from selected MENA Countries. In Economic Development
in the MENA Region: New Perspectives (pp. 45-63). Cham: Springer International Publishing. https://doi.org/10.1007/978-3-030-66380-3 4

Lawal, A. 1., Salisu, A. A, Asaleye, A. J., Oseni, E., Lawal-Adedoyin, B. B., Dahunsi, S. O. & Babajide, A. A. (2022). Economic Growth, Exchange Rate and
Remittance Nexus: Evidence from Africa. Journal of Risk and Financial Management, 15(6), 235. https://doi.org/10.3390/jrfm15060235

Loganatan, N., Ahmad, N., Mursitama, T. N., Taha, R., Mardani, A. & Streimikiene, D. (2019). The Effects of Exchange Rate, Price Competitiveness Indices
and Taxation on International Tourism Demand in Malaysia. Economics & Sociology, 12(3), 86-97.

Lutkepohl, H. (2005). New Introduction to Multiple Time Series Analysis. Springer Science & Business Media.

Meo, M. S., Chowdhury, M. A. F., Shaikh, G. M., Ali, M. & Masood Sheikh, S. (2018). Asymmetric Impact of Oil Prices, Exchange Rate, and Inflation on
Tourism Demand in Pakistan: New Evidence From Nonlinear ARDL. Asia Pacific Journal of Tourism Research, 23(4), 408-422.
https://doi.org/10.1080/10941665.2018.1445652

Njoya, E. T. & Seetaram, N. (2018). Tourism Contribution to Poverty Alleviation in Kenya: A Dynamic Computable General Equilibrium Analysis. Journal
of Travel Research, 57(4), 513-524. https://doi.org/10.1177/0047287517700317

Nor, E., Masron, T. A. & Hu, X. (2022). Exchange Rate Volatility and Tourist arrivals from ASEAN to Malaysia. In Quantitative Analysis of Social and
Financial Market Development, 30, 17-34. https://doi.org/10.1108/S1571-038620220000030002

Ongan, S., Isik, C. & Ozdemir, D. (2017). The Effects of Real Exchange Rates and Income on International Tourism Demand for the USA from Some European
Union Countries. Economies, 5(4), 51. https://doi.org/10.3390/economies5040051

Rossell6-Nadal, J. & He, J. (2020). Tourist Arrivals Versus Tourist Expenditures in Modelling Tourism Demand. Tourism Economics, 26(8), 1311-1326.
https://doi.org/10.1177/1354816619867810

Santana-Gallego, M., Ledesma-Rodriguez, F. J. & Pérez-Rodriguez, J. V. (2010). Exchange Rate Regimes and Tourism. Tourism Economics, 16(1), 25-43.
https://doi.org/10.5367/000000010790872015

Sharma, C. & Pal, D. (2020). Exchange Rate Volatility and Tourism Demand in India: Unraveling the Asymmetric Relationship. Journal of Travel
Research, 59(7), 1282-1297. https://doi.org/10.1177/0047287519878516

Tang, J., Sriboonchitta, S., Ramos, V. & Wong, W. K. (2016). Modelling Dependence Between Tourism Demand and Exchange Rate Using the Copula-based
GARCH Model. Current Issues in Tourism, 19(9), 876-894. https://doi.org/10.1080/13683500.2014.932336

Tshidzumba, N.A., Oladunjoye, O.N. & Chaka, M. (2022). Impact of Exchange Rate Regime on International Tourists’ Inflow in South Africa. African Journal
of Hospitality, Tourism and Leisure, 11(6), 2159-2172. https://doi.org/10.46222/ajht|.19770720.348

Ulucak, R., Yiicel, A. G. & Ilkay, S. C. (2020). Dynamics of Tourism Demand in Turkey: Panel Data Analysis Using Gravity Model. Tourism Economics,
26(8), 1394-1414. https://doi.org/10.1177/1354816620901956

Wamboye, E. F., Nyaronga, P. J. & Sergi, B. S. (2020). What are the Determinants of International Tourism in Tanzania. World Development Perspectives, 17,
100175. https://doi.org/10.1016/j.wdp.2020.100175

Xiaoyan, Z. (2023). Impact of Financial Support on Transforming China's Energy Economy. Asian Journal of Economics, Business and Accounting, 23(12),
33-48.

90


http://www.ajhtl.com/
https://doi.org/10.1080/13683500.2020.1798893
https://doi.org/10.3390/su13031283
https://doi.org/10.46222/ajhtl.19770720.332
https://doi.org/10.1016/j.jeca.2019.e00123
https://doi.org/10.1080/02508281.2020.1846971
https://doi.org/10.1007/978-3-030-66380-3_4
https://doi.org/10.3390/jrfm15060235
https://doi.org/10.1080/10941665.2018.1445652
https://doi.org/10.1177/0047287517700317
https://doi.org/10.1108/S1571-038620220000030002
https://doi.org/10.3390/economies5040051
https://doi.org/10.1177/1354816619867810
https://doi.org/10.5367/000000010790872015
https://doi.org/10.1177/0047287519878516
https://doi.org/10.1080/13683500.2014.932336
https://doi.org/10.46222/ajhtl.19770720.348
https://doi.org/10.1177/1354816620901956
https://doi.org/10.1016/j.wdp.2020.100175

	btnOpenRubric: 


